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Abstract: The regular language inference is devoted to the study of how to derive the definition of the language from
the limited information. Regular language inference is popular in information extraction, software engineering, and schema
learning, etc. The learnability models of regular languages and evaluation criteria are clarified. The passive, active, and neu-
ral network-based learning algorithms are respectively surveyed and compared from the aspects of reasoning strategies, data

structures, algorithm complexity, etc, and the development trend is pointed out. Three kinds of generalization effects are an-

alyzed. This paper points out the defects of the current researches and looks forward to future research directions.
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IR TS R R 4R T A TR, B
I RE S5 P B9 TTT 5805 50 2 >R 3% 0 A A S B His
ghkgPY,
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T SREER Lk DFA oT# B A8 4 T A TR B Bm A o -

_ e ‘ o N(M) = 0(kn* + nlogym)
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TE NV (M): G AWK N (E): S A UK k- PR EAUE s s SR IR AU s n s /N DRACIRZSHIG 1: 588 OT RS R 5] it
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RIS A A A RS JE R 1 DFA. AR 9T J8L 1, NFA (Non-
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PSRN, NFA A28 LB B g i sl A M ot , e AR
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F B IR ZE  255 1 AR S A R S K L
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FHAM ARG H PR abeee T acee Wi 5L, K
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